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Abstract

We investigate the labour market for Uber drivers in Australia using administrative and
survey data. Uber drivers’ total hours of work and driving schedules exhibit substantial
heterogeneity and week-to-week variation. We identify several pathways to driving with
Uber, associated with different income and job satisfaction outcomes. Drivers for whom Uber
is a supplemental source of earnings tend to have increased incomes after joining Uber and
express above-average levels of job satisfaction; whereas drivers who are looking for other
work have lower incomes and express below-average levels of job satisfaction. Drivers in
Australia are relatively more likely to be using Uber to earn supplemental income rather than
as their main source of income, similar to the United States, but different from London and
France. We find that average earnings (after costs) of Uber drivers in Sydney in 2018 were
$21.00 per hour. Variability in earnings between drivers depends primarily on differences in
the number of trips per hour — which in turn is related to job tenure, time and location of

driving, and the proportion of offered trips accepted by drivers.

JEL classification: J40; M50
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service fee of 20 or 25 per cent (depending on when a driver started working with Uber).’
Uber also uses other incentive payment mechanisms, for example, to induce drivers to

complete higher volumes of trips.

In Australia, an Uber driver must be over 21, have held a non-restricted licence (no P-platers)
for at least 12 months in the past two years and not have any disqualifying offences on their
driving record. Drivers are required to pass a criminal background check through the
National Crime Check. They must also meet local regulations — for example, drivers in
Sydney are required to obtain a Passenger Transport Licence Code and undertake driver
safety education. Drivers need to have a car which is less than 10 years old, passes a vehicle
inspection test and is covered by comprehensive or third-party property damage insurance.
GST registration and an Australian Business Number are required to access the Uber

app.® Drivers are also required to complete safety education modules prior to accessing the

app, repeated annually.

3. Data sources

The first main data source used is administrative data on Uber drivers in Australia. A one-
eighth anonymous random sample of drivers who used the Uber platform to provide the
UberX (peer-to-peer) service in Sydney, Melbourne, Brisbane and Perth between the weeks
beginning 16/10/2017 and 15/10/2018 was extracted.® This sample amounts to 10,795
drivers. The full set of administrative data is used for analysis of drivers’ work hours and

schedules; and the sample of drivers from Sydney for analysis of drivers’ earnings.

" In major Australian cities Uber has upfront pricing for riders. The upfront price is calculated using
the expected duration and distance of the trip and local traffic. The upfront price may change if a
rider adds stops, alters their destination or the route or time to complete the trip changes materially.
More information is available on base rates is available from the rider fare estimator at:
https://www.uber.com/au/en/price-estimate/ .

8 For further details relating to becoming an Uber driver in Sydney see: https://www.uber.com/en-
AU/drive/sydney/get-started/signupnswi/; https://www.uber.com/en-AU/drive/sydney/get-a-license/;
https://www.uber.com/en-AU/drive/sydney/inspections/

% During this time period the regulatory environment in which Uber operated and Uber’s share of the
ride-share market were relatively stable. The regions covered by Uber in each city are displayed at:
https://www.uber.com/en-AU/cities/. An example (Sydney) is shown in Online Appendix 1.
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Generally, Uber drivers appear satisfied with their work. A high level of overall satisfaction
with their job is expressed by about 60 per cent of drivers. A majority of drivers express high
levels of satisfaction with work hours, flexibility, job security and the work itself.

Satisfaction with pay is more evenly distributed across the categories.®’

Figure 4: Satisfaction with aspects of working on the Uber platform, Uber drivers,
Sydney and Melbourne
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Source: Uber driver survey.

The job satisfaction ratings of Uber drivers and general populations of workers (all workers
and the subset of workers in the occupation category of machinery operators and driver) are
compared in Table 7. Data on the general populations of workers are from the HILDA
survey.® Overall job satisfaction for Uber drivers (6.8) is lower than for all workers (7.6);

but similar to the occupation group of machinery operators and drivers (7.0). Job satisfaction

37 These findings are consistent with information on drivers’ perceptions of selected job attributes
which is presented in Online Appendix Figure 2.4. These perceptions are derived from questions with
7-point response scales where a response of 1 was designated as disagree and 7 as agree. In reporting
responses we have defined disagree as 1-2; neutral as 3-5; and agree as 6-7. Drivers overwhelmingly
agree that their job has flexibility and that they are able to control their working time. They are
mainly neutral on fairness of pay and job security; and disagree that the job is unexpectedly stressful.
% Responses are from employed persons aged greater than 18 years who answered questions on
gender, age and income. Observations are reweighted by age and gender to match the sample of Uber
drivers from Sydney and Melbourne who responded to the survey.



23

is higher for Uber drivers who expressed a preference for flexibility in their work.3® On
specific job attributes, Uber drivers have higher average levels of satisfaction than machinery
operators and drivers regarding flexibility to balance work and non-work commitments; and
similar satisfaction for hours of work and the work itself. On the attributes of total pay and

job security, however, Uber drivers have lower average levels of satisfaction.*

Table 7: Job satisfaction of Uber drivers (Sydney and Melbourne) and all workers

Uber General
drivers population
of workers
All Prefer to Partnered | All Occupation
drivers | remain for workers = Drivers
independent | flexibility etc.
1] Overall job 6.8 7.3 7.1 7.6 7.0
2] The flexibility to 7.8 8.4 8.0 7.5 6.8
balance work and non-
work commitments
3] The hours you work | 7.0 7.6 7.3 7.3 6.7
4] Total pay 5.3 5.9 5.6 7.1 6.6
5] Job security 6.1 6.7 6.3 7.7 7.0
6] Work itself 7.2 7.6 7.2 7.6 7.2

Notes: Uber drivers are classified as preferring to remain independent and partnering for
flexibility if they agreed or strongly agreed with these statements — see Table 3.
Sources: Uber driver survey; HILDA survey.

A further interesting perspective on job satisfaction is to compare between drivers who
experience different changes in income after joining Uber. This is done in Table 8.
Satisfaction levels are strongly ordered by the direction of income change. Drivers whose
income increased after joining Uber have a relatively higher average level of overall job
satisfaction. But drivers whose incomes decreased express much lower levels of satisfaction.
Drivers’ feelings of satisfaction about financial stress and employment opportunities are also

positively correlated with the change in income they have experienced after joining Uber.

3 The hypotheses of equal distributions of overall job satisfaction ratings for drivers who (i) did and
did not partner with Uber for flexibility and (ii) prefer/do not prefer to remain an independent
contractor are rejected at the 1 per cent level of significance.

%0 Similar findings on satisfaction from gig work in Australia are reported in McDonald et al. (2020).
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Table 8: Job satisfaction of Uber drivers, Sydney and Melbourne

Income when Proportion | Job Financial | Employment
join Uber of drivers | satisfaction | stress opportunities
Increased alot | 4.9 8.3 7.4 8.3

Increased a little | 38.2 7.2 6.2 7.1

Stayed the same | 18.3 6.9 6.2 6.8

Decreased a 19.8 6.8 5.9 6.7

little

Decreased a lot | 18.8 55 4.8 5.3

Source: Uber driver survey.

As a final step to investigate job satisfaction of Uber drivers, we have estimated regression
models for the determinants of overall job satisfaction, with a focus on the impact of
preferences for flexible working hours. Table 9 reports the main findings from an OLS
analysis of drivers’ job satisfaction ratings (0 to 10 scale).** Columns (1) and (2) are models
with only demographic variables and with demographic variables plus a set of indicators for
drivers’ main activities apart from working for Uber. Columns (3) to (6) add dummy
variables representing drivers’ preferences for flexibility, one at a time. Column (7) includes
the full set of dummy variables representing preferences for flexibility. For variables relating
to driving with Uber for flexibility and being able to choose one’s own work hours, the
comparison is between drivers who agree/strongly agree and who disagree/strongly disagree
(rows 1 and 2). For variables relating to preferring to remain an independent contractor and

fixed hours, the comparison is between drivers who agree and disagree (rows 3 and 4).

Drivers’ preferences for flexibility are strongly associated with their level of job satisfaction.
Drivers who partnered with Uber to have more flexibility, who value being able to choose
their own hours or who prefer to remain an independent contractor express levels of job
satisfaction about 0.8 to 1 point higher (on the 11-point scale); whereas drivers who prefer
fixed hours express levels of satisfaction that are lower by the same amount. Effect sizes are
reduced, but for the most part remain significant, when the four variables representing

drivers’ preferences for flexibility are included together.

41 A variety of studies have shown that the findings from OLS models of ordinal response items are
typically very similar to using ordered models (see the discussion in Berger et al., 2018, p.20). Full
results are reported in Online Appendix Table 2.11.



Table 9: Correlates of overall job satisfaction of Uber drivers, Sydney and Melbourne

Model

€9) ) 3) (4) ®) (6) ()
1] I partnered with Uber to have 0.841*** 0.503***
more flexibility in my schedule (0.080) (0.090)
and balance my work life and
family (0O=Strongly
Disagree/Disagree;
1=Agree/Strongly Agree)
2] Being able to choose my own 0.789*** 0.485***
hours is more important than (0.074) (0.084)
having holiday pay and a
guaranteed minimum wage
(0=Strongly Disagree/Disagree;
1=Agree/Strongly Agree)
3] Prefer to remain an 1.044%*** 0.258
independent contractor (cf. Be (0.158) (0.170)
classified as worker...) (1=0;
2=1)
4] Prefer to work fixed hours -0.941*** | -0.455%**
rather than the fully flexible (0.166) (0.169)
hours you have now (1=0; 2=1)
Demographic variables YES YES YES YES YES YES YES
Current status YES YES YES YES YES YES
Adjusted R-squared 0.074 0.134 0.238 0.239 0.177 0.166 0.286
Number of observations 824 824 824 824 824 824 824

Source: Uber driver survey.
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Drivers’ other activities while working with Uber are generally not a significant determinant
of job satisfaction. The exception is that drivers who are looking for work express
satisfaction levels that are 1.1 to 1.4 points lower than other drivers. Matched with the result
from Table 8 — that drivers who experience a decrease in income on joining Uber express
lower job satisfaction — this finding suggests that drivers’ pathways to Uber have a major
impact on their job satisfaction. Drivers who are looking for work while driving for Uber
tend to have had decreases in income, and express lower job satisfaction than an average
worker. By contrast, drivers who are working in another job while working for Uber tend to
have higher total earnings after joining Uber, and express higher job satisfaction than an

average worker.

The association between a driver’s pathway and job satisfaction could reflect two influences.
The first potential influence is the closeness of match between a driver’s preferred job
characteristics and driving with Uber. Drivers for whom Uber is an alternative to being
without an income may feel they need to take the job, even where it does not match well with
their preferred job characteristics. Drivers who are using Uber to earn supplementary
income, however, are likely to have more discretion over whether to take on the job. The
second potential influence is that drivers’ responses on job satisfaction may be reflecting their
more general circumstances (such as being unemployed), and not just how they regard the job
of driving with Uber.

Some other variables are related to drivers’ job satisfaction. First, drivers’ education
attainment affects job satisfaction. Drivers with any level of qualification at or above high
school completion express job satisfaction that is lower by about 1 point than drivers who had
not completed high school. This result may be explained by mismatch between the jobs that
Uber drivers with higher levels of qualification have trained for and believe themselves
capable of doing compared to driving with Uber. Second, some aspects of family
background are significantly related to job satisfaction. Drivers who are single express levels
of job satisfaction that are lower by about one-half of a point compared those who are
married/cohabiting. As well, drivers who have three or more children express job satisfaction

levels that are about 1 point below those of drivers with no children.
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9. Earnings

a. Descriptive

Summary information on average hourly earnings and driver costs in Sydney is presented in
Table 10. Average hourly earnings for drivers over the sample period, calculated as earnings
per hour online excluding Uber’s service fee, were $29.46.4> The average total incremental
cost of driving in Sydney is estimated to be $8.46 per hour. This accounts for GST, fuel,
maintenance, vehicle depreciation, and the additional cost for comprehensive insurance for

Uber drivers.** Hence, the average hourly earnings of a driver, net of costs, was $21.00.

Table 10: Average earnings and costs per hour of Uber drivers, Sydney

$
Average hourly earnings (excluding Uber’s | 29.46

service fee)
Average hourly incremental cost $8.46
Average hourly earnings net of costs $21.00

Source: Uber administrative data; AlphaBeta analysis of costs of Uber drivers.

How do earnings of Uber drivers compare with other workers in Australia?** Average
earnings of Uber drivers are close to the 40" percentile of the distribution of hourly earnings
for casual employees. Average hourly earnings at the 30" and 40™ percentile points in the
distribution for casual employees are respectively $18.70 and $21.31.

42 Over the sample period, average weekly earnings ranged from about $26 to $35 per hour. See
Online Appendix Figure 2.5.

3 This estimate is from detailed analysis undertaken by AlphaBeta (2019). For more details on
AlphaBeta’s calculation of the average total incremental cost, see Appendix 2.

4 A direct comparison of earnings of Uber drivers with casual employees is possible, as neither group
receives leave entitlements. We use the HILDA survey for 2016 to calculate the distribution of
average hourly earnings for casual employees in Australia; and apply the WPI to adjust to 2018
dollars. Average hourly earnings are calculated as Usual Gross Weekly Wage in Main Job divided by
Usual Weekly Hours in Main Job for employees aged 15-69 years with hourly earnings between
$5.87 and $195.95 (following Lass and Wooden, 2019, p.14). The adjustment for wage growth is
made using the private sector WPI index from 2016 to 2018 (September) from ABS, Wage Price
Index, catalogue n0.6345.0, Table 1.
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b. Decomposition of sources of driver-level variation in earnings

A driver’s earnings per hour can be thought of as the multiple of their trips per hour and
earnings per trip.*> Trips per hour is the volume of work. It depends on: (i) rides offered
per hour and (ii) the acceptance rate by drivers. Rides offered depends on influences such as
location and times worked. The acceptance rate reflects driver preferences and strategy —
such as selectiveness about trips and dual-apping. Earnings per trip depends on (i) distance
travelled and (ii) the rate of pay. Distance travelled reflects the purpose of the passenger’s
trip and is likely to vary by location and times worked. The rate of pay is determined by
whether a driver is working at a time where standard pricing or surge pricing applies and

incorporating any promotions or additional bonus offers.*

A simple decomposition can be applied to determine the relative influence of variation in
trips per hour and earnings per trip on drivers’ earnings per hour. This is done by estimating
a regression with In(earnings per hour) as the dependent variable and In(trips per hour) or
In(earnings per trip) as the explanatory variable. Both variables are shown to be important
determinants, but trips per hour explains much more of the variation in earnings per hour than
earnings per trip. A one per cent increase in trips per hour is associated with a 0.80 per cent
increase in earnings per hour; and about 63 per cent of the variation in earning per hour is
explained by trips per hour alone. A one per cent increase in earnings per trip is associated
with a 0.57 per cent increase in earnings per hour; but only about 13 per cent of the variation

in earnings per hour can be explained by earnings per trip.*’

c. Correlates of earnings

To investigate further the correlates of drivers’ earnings, we have estimated regression
models for In(earnings per hour), In(trips per hour) and In(earnings per trip). The findings are
reported in Table 11. All regressions are estimated weighted by drivers’ total hours of work.

Three sets of explanatory variables are included in each model: first, variables representing

%5 Cook et al. (2018, p.8) provide a more detailed decomposition of the hourly earnings of a Uber
driver into: wait time; distance to pick up passenger; distance on trip(s); driving speed; surge
multiplier; and incentive payments earned.

6 These aspects of the payment system are not dealt with directly in this paper.

4" See Online Appendix Table 2.12.



29

contemporaneous and accumulated working time (tenure on Uber platform; weeks worked
and average hours worked per week); second, variables representing driving behaviour
(distribution of work by time period; per cent of time worked in core areas or preference
mode; per cent of trips driven when surge pricing applied; completion rate); and third,

demographics (gender; age).*

Findings from the regression analysis should be regarded as showing associations between
the variables rather than necessarily causal relations. For example, it is possible that the
results reflect reverse causality — such as if drivers choose the amount of time they work and

their driving schedules with a view to optimising their earnings per hour.

The strongest associations exist between earnings per hour and the driving behaviour
variables.*® First, variation in the driving schedule is found to be associated with earnings.
For example, a driver who switches 10 per cent of driving time from weekday daytime to
weekend evening will experience an increase in earnings per hour of 5.1 per cent; with that
effect coming from increases in both trips per hour and earnings per ride. Second, the
relations between earnings per hour and the choice variables — completion rate, time spent in
core areas and preference mode — are significant. The direction of effect of those variables
reflects a trade-off between their impact on trips per hour and earnings per trip. A higher
completion rate and a larger fraction of time spent time driving in core areas are associated
with an increase in trips per hour but decrease in earnings per trip. For both these variables
the former effect outweighs the latter so that there is a positive relation with earnings per
hour. By contrast, a larger fraction of time spent driving in preference mode is associated
with less trips per hour but higher earnings per trip — and the former effect dominates so that
there is a negative relation with earnings per hour. Third, surge pricing is significantly
related to earnings per trip. A driver who switched from no trips with surge pricing to the
average number of trips (about 10 per cent) would experience an increase in earnings per
hour of 7.2 per cent. The associations found between the driving behaviour variables and
earnings suggests that drivers are able — to some degree — influence their earnings through

choices about timing and location of work.

%8 Descriptive information on explanatory variables is in Online Appendix Table 2.13.
49 Evidence on the relation between pay and the working time variables is mixed — and in any case the
effects sizes are relatively small.



Table 11: Correlates of earnings (pre-cost) of Uber drivers per hour worked, Sydney

(1) (2) )
In(Earnings In(Trips per In(Earnings per
per hour) hour) ride)
Weeks worked 0.0015* 0.0004 0.0012*
(0.009) (0.010) (0.0007)
Weeks worked squared 0.000018 0.0000016 -0.000019*
(0.000013) (0.000015) (0.00001)
Hours per week 0.0031*** 0.00030*** 0.000045
(0.0007) (0.0001) (0.00005)
Hours per week squared -0.00003*** -0.00005*** 0.000024***
(0.00001) (0.0001) (0.000007)
% Driving weekday night | 0.095*** 0.051** 0.0231*
(0.022) (0.025) (0.016)
% Driving weekend day 0.25 0.165*** 0.101***
(0.023) (0.026) (0.017)
% Driving weekend night | 0.510*** 0.472%** 0.052***
(0.016) (0.018) (0.012)
% Time driving in -0.150*** -0.222*** 0.085***
preference mode (0.017) (0.019) (0.012)
Completion rate 0.740*** 2.286*** -1.613***
(0.068) (0.077) (0.051)
Age — 25 to 34 years -0.018 -0.034** 0.017
(0.014) (0.016) (0.010)
Age — 35 to 54 years -0.025 -0.052** 0.025**
(0.014) (0.016) (0.010)
Age — 55 plus years -0.020 -0.033** 0.009
(0.015 (0.017) (0.011)
Female -0.015 0.018 -0.033**
(0.012) (0.014) (0.009)
Tenure (Weeks worked) 0.00049** 0.00004 0.00005
(0.00022) (0.0002) (0.001)
Tenure (Weeks worked) 0.00000065 -0.000002* 0.000028***
squared (0.0000010) (0.000001) (0.000005)
% hours in core areas 0.280** 0.436*** -0.131***
(0.012) (0.012) (0.009)
% trips in November or 0.18*** 0.198*** 0.0004
December (0.020) (0.022) (0.015)
% trips when surge pricing | 0.720*** 0.515***
applies (0.048) (0.036)
Constant 2.15%** 1.851*** 4.067***
(0.067) (0.076) (0.050)
R-squared 0.495 0.436 0.437
Number of observations 3,668 3,668 3,668

Note: Omitted categories are: i] Driving time: Weekday daytime; ii] Age: 15-24 years.

Source: Uber administrative data.
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Evidence on the relation between the working time variables and trips per hour or earnings
per trip is mixed — and in any case the effect sizes are relatively small. The strongest
evidence of a relation is with average hours worked per week. An increase in hours per week
from 10 to 30 hours raises earnings per hour by 3.4 per cent. Effect sizes for tenure are also
small. Going from tenure of 26 to 78 weeks raises earnings per hour by 2.9 per cent. There
is little evidence of a significant association between weeks worked and earnings.>® From the
demographic variables tested, it appears that drivers 25 years and above drive less trips per
hour than younger drivers; and for females, there is a significant negative association with

earnings per trip, but no apparent relation with trips per hour.

10. Cross-country comparison

Some additional perspectives on the labour market for Uber drivers can be drawn from cross-
country comparisons — bringing together the findings for Australia with previous studies for
the United States, London and France. In this section we use cross-country comparisons to

further investigate drivers’ pathways to working with Uber and the determinants of earnings.

A main finding from analysis of the Uber labour market in Australia is the diverse pathways
into working with Uber. The same diversity of pathways exists in Uber labour markets in
other countries. What is noteworthy is how the relative importance of the pathways appears
to vary between countries. In Australia and the United States, the role of Uber as a
supplementary source of income predominates, whereas in London and France Uber appears
to constitute a main source of income for a larger share of drivers. This difference in balance
is evident in several ways. First, in Australia and the United States, much larger proportions
of drivers are doing other jobs at the same time as driving with Uber compared to London (50
to 60 per cent compared with 20 per cent).>* Second, weekly hours worked also appear to be

higher for drivers in London and France than Australia or the United States (about one-half

% The estimated relation between working time and trips per hour could reflect reverse causality —
with drivers who are able to receive more jobs per hour choosing to drive for longer hours. Similarly,
the result on the relation between tenure and earnings per trip could also reflect a selection effect —
with drivers who are able to achieve higher earnings choosing to work at Uber for longer spells.
However, analysis of Uber drivers in the United States by Cook et al. (2018, p.22) concludes that
selection bias is not a major influence on the observed relation between tenure and earnings per hour.
°1 Australia — Table 1; United States — Hall and Krueger (2018, p.713); London — Berger et al. (2018,
p.10); France — Landier et al. (2016, Table 4).
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averaging more than 30 hours per week in London compared to 10 to 15 per cent working 35
hours or more in Australia).>® Third, there is a variety of direct evidence that in the United
States driving for Uber mainly provides a supplemental source of income (often in response
to financial distress); whereas in France 71 per cent of drivers report working with Uber as
their main source of income.®® Uber drivers in France must obtain a professional VTC
license, which involves studying for and passing a written exam as well as a practical, on-the-
road exam. This entry requirement may cause a selection effect: only for those potential
drivers who expect to earn a relatively high income from driving for Uber is it worth
qualifying for the VTC licence. Fourth, while similar proportions of Uber drivers in the three
locations come to Uber from full-time or part-time work, a much larger proportion in London

transit from work in the transportation sector and in France from unemployment.>*

Another valuable cross-country perspective is with regard to the determinants of drivers’
earnings. Some variables have a common effect across all locations. An example is the
findings of a positive relation between tenure as an Uber driver and earnings per hour.*
Cook et al. (2018, p.21) suggest that: “...there is much to learn being a driver on Uber. Uber
pays according to a fixed formula, but many of the parameters of the formula...are within the
driver’s control. For example, drivers can indirectly affect the surge multiplier and wait times
by choosing where and when to work and directly affect their driving speed by simply driving
faster. As drivers work more, they can begin to learn optimal driving behaviors to maximize
earnings.” Other examples of common findings are how driver preferences for location and
driving time affect their earnings®®; and lower earnings for female drivers — although the

effect appears to be smaller in Australia than the United States (Chicago).®’

°2 _ondon — Berger et al. (2018, p.12); United States — Hall and Krueger (2018, Table 3); Australia —
Figure 3b.

% Farrell et al. (2019, p.366); Abraham et al. (2018, p.36); Koustas (2019); Landier et al. (2016, p.6).
° London — Berger et al. (2018, pp.8-9); France — Landier et al. (2016, Figures 5, 7); Australia —
Table 3a; United States — Hall and Krueger (2018, p.712).

% London — Berger et al. (2018) — Tables A2 and A3; Australia — Table 12; United States — Hall and
Krueger (2018, Table 7); Cook et al. (2018, pp.2-3).

% Australia — Table 12; United States — Cook et al., (2018, p.19).

" Australia — Table 12; United States — Cook et al. (2018).
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11. Conclusion

This study has reviewed the labour market for Uber drivers in Australia. It reinforces the
central role of flexibility in gig economy markets evident from previous research; such as in
the heterogeneity and variation across time in hours worked. To this has been added an
additional perspective — the diversity of pathways by which drivers come to work with Uber,
and the implications of that pathway for income and job satisfaction. We also use the

findings for Australia to describe how the use of gig economy work varies between countries.

There are many extra topics that could be pursued in further work on the gig economy and
Uber labour market in Australia. Determinants of tenure as an Uber driver; the effect of
participation in the gig economy or driving with Uber on subsequent labour market
outcomes; and the effect of competition from the gig economy work on standard labour

markets — are just several examples of interesting questions.
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